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Big Data is one of the most touted and talked about concepts 
in technology. But is all the hype and hyperbole justified? Does 
Big Data really deliver value or just leave us all acutely short-
changed?

To find the answers, let’s start at the beginning…

7KH�WHUP�ZDV�ÀUVW�FRLQHG��DERXW�WZHQW\�\HDUV�DJR��ZKHQ�ODUJH�
search companies started wrestling with ways to process the  
huge volumes of data generated by the internet. Driven by the 
EHOLHI�²�RU��WR�EH�PRUH�DFFXUDWH��WKH�RSWLPLVWLF�KRSH�²�WKDW�WKH�
PDJLF�RI�DQDO\WLFV�ZRXOG�VRPHGD\�XQORFN�YDOXDEOH�LQVLJKWV��
companies started creating vast data lakes. 

$QG�PDNH�QR�PLVWDNH��WKH�YDOXH�RI�WKHVH�LQVLJKWV�LV� 
potentially huge…

An article in Forbes magazine (September 2015) found that 
D�PHUH�����LQFUHDVH�LQ�GDWD�DYDLODELOLW\��IRU�D�)RUWXQH������
FRPSDQ\��FRXOG�UHVXOW�LQ�����PLOOLRQ�ZRUWK�RI�DGGLWLRQDO�QHW�
LQFRPH��)XUWKHUPRUH��UHWDLOHUV�ZKR�OHYHUDJH�WKH�IXOO�SRZHU�RI�%LJ�
'DWD�FRXOG�LQFUHDVH�WKHLU�RSHUDWLQJ�PDUJLQ�E\�DV�PXFK�DV������

7RGD\��DOO�ODUJH�EXVLQHVVHV�DQG�PDQ\�VPDOOHU�RQHV�KDYH�DFFHVV�
to a profusion –and confusion – of historical data. This includes 
both the information they capture and store themselves and the 
insights available externally; typically from social media.  But are 
they reaping the rewards promised by all this rich data?

It is surprising, given how much data large companies have 
on us, that they seem to have so very little awareness of us 
as individuals. They seem only to view us as part of a generic 
market segment or to play back to us our own behaviours in 
overly-simplistic ways. In today’s customer-driven world this 
simply isn’t good enough.

,Q�WKHLU�GHÀQLWLYH�ERRN�RQ�PDVV�FXVWRPLVDWLRQ��� 
¶7KH�1HZ�$JH�RI�,QQRYDWLRQ·�²�WKH�FR�DXWKRUV� 
(C.K. Prahalad and M.S. Krishnan) say:

01 
The promise of Big Data

:HOO�VDGO\��WKH�DQVZHU�ZRXOG�DSSHDU�WR�EH�D�SUHWW\�HPSKDWLF�QR��
Scratch the surface and the golden prospects offered by Big Data 
soon turn to the base metal of empty promise. The alchemy just 
isn’t working. Despite the fact that we have created more data in 
WKH�ODVW�WZR�\HDUV�WKDQ�LQ�WKH�HQWLUH�KLVWRU\�RI�WKH�KXPDQ�UDFH��
less than 0.5% of this information is ever analysed or exploited.  

But why? What can be done? And how exactly can companies 
turn lost opportunity into tangible business value?

We believe the answer lies in seven key steps: 

a. Embrace mass customisation
b. Make much better use of unstructured data                             
c. Exploit the wealth of external data
d. Unleash the power of fast data
e. Turn Big Data into small data
f. Leverage the potential of small data
g. 8QGHUVWDQG�WKH�LPSRUWDQFH�RI�WKH�ÀQDO�PLOH�������������������������������������������������������

02 
Embrace mass customisation

“There is a fundamental transformation of business underway. 

Forged by digitisation, ubiquitous connectivity and globalisation, 

WKLV�WUDQVIRUPDWLRQ�ZLOO�UDGLFDOO\�DOWHU�WKH�YHU\�QDWXUH�RI�WKH�ÀUP�
and how it creates value… value is based on unique, personalised 

experiences of consumers. Firms have to learn to focus on one 

consumer and her experience at a time, even if they serve 100m 

consumers. The focus is on the centrality of the individual”.

This is the central challenge of Big Data: the future belongs 
to those companies that use information to personalise the 
experience of each and every customer. 



$V�PRUH�DQG�PRUH�VHUYLFHV�EHFRPH�GLJLWLVHG�DQG�FRPPRGLWLVHG��
customer loyalty will be increasingly driven by the data they 
have shared with a company. This bond strengthens with every 
customer interaction as does the quality of data. The really  
clever companies are the ones that use this rich intelligence  
to simplify and focus their services – creating a uniquely 
individual customer experience. 

Unknown Partially Known Known

Many companies appear to be more preoccupied with 
capturing and storing data than harvesting, analysing and 
exploiting it. Inevitably this has created vast lakes of  
untapped information where concerns over quality, 
inconsistency, compatibility, security and privacy have 
constrained usage. Unnecessarily!

7KLV�SUREOHP�LV�RIWHQ�FRPSRXQGHG�E\�DQ�RYHU�HPSKDVLV�RQ�
storing structured data and a failure to recognise the power of 
unstructured data…

2QH�RI�RXU�&OXVWUH�PHPEHU�ÀUPV�KDV�D�SRZHUIXO�WRRO�ZKLFK�
analyses and organises unstructured data using Latent Semantic 

Indexing. Developed for the state security sector by one of our most  

secretive ‘skunk works’ teams, this tool can perform conceptual 

search and multi-lingual analytics without the need for Natural 

Language Processing.

And you certainly don’t have to limit yourself to unstructured text…  

9LGHR��IRU�H[DPSOH��LV�PRUH�GLIÀFXOW�WR�SURFHVV�EXW�LW�LV�RIWHQ�IDU�
richer in information content. Today’s really savvy companies are 
making increasing use of video as a means of communication 
– both internally and externally – with suppliers and customers. 
,QGHHG��WKH�UHDO�LQQRYDWRUV�DUH�XVLQJ�YLGHR�DV�D�PHGLXP�IRU�
FDSWXULQJ��DQDO\VLQJ�DQG�GLVVHPLQDWLQJ�GDWD��

Another of our new breed of innovators is exploiting the  

power of smartphones to capture hugely revealing, real time 

FXVWRPHU�LQVLJKWV��,W�XVHV�WKH�YLGHR�VHOÀH�WR�HQJDJH�ZLWK�D�SUH�

03 
Make much better use of unstructured data

selected group of consumers - capturing their experiences at  

the very point of sale…

Sentiments and semantic themes can be analysed, body  

language can be studied and advanced algorithms can identify  

key learning points. 

Most revealing of all, this technology is closing the chasm  

between customers and senior management. It is bringing the  

real ‘Voice of the Customer’ into the Boardroom.

$QG�DQRWKHU�RI�RXU�PHPEHU�ÀUPV�KDV�GHYHORSHG�DQ�DSS�WKDW� 
DOORZV�ÀHOG�DQG�VDOHV�WHDPV�WR�UHFRUG�PHHWLQJ�QRWHV�YLD�VWUXFWXUHG�
YLGHR�IRU�VKDULQJ�DQG�NQRZOHGJH�WUDQVIHU��$QG��WR�SURYH�MXVW�KRZ�
SRZHUIXO�WKLV�FDQ�EH��WKH�QH[W�FDVH�VWXG\�VKRZV�WKH�LPSDFW�WKLV� 
app had on a Fortune 500 client…

7KHUH�LV�QR�VLPSOH�SDWK�WR�FXVWRPLVDWLRQ��EXW�WKH�HVVHQFH�LV�WR�
RUJDQLVH�GDWD�DQG�LQVLJKWV�DURXQG�LQGLYLGXDO�FXVWRPHUV��PRYLQJ�
WKHP�IURP�¶XQNQRZQ·��WR�¶SDUWLDOO\�NQRZQ·�DQG��XOWLPDWHO\��WR�
‘known’ as they move through the customer lifecycle:



Companies often confine themselves to their own customer 
and transactional data without realising how much more  
data is available from external sources. 

Quite apart from the mass of data generated by a company itself 
�WKURXJK�LWV�GLUHFW�LQWHUDFWLRQV�ZLWK�FXVWRPHUV���WKHUH�LV�D�YLUWXDOO\�
unlimited amount of additional data available via the internet. 
Social media streams are one of the richest sources of consumer 
insight and the analysis of these streams – social intelligence – 
IRUPV�D�FULWLFDO�DQG�IDVW�JURZLQJ�SDUW�RI�WKH�ELJ�GDWD�SX]]OH�

04 
Exploit the wealth of external data

LISTEN 
TO ME�

Social intelligence can be used to surface the unmet needs  
and frustrations of customers. These are the true signposts  
WR�LQQRYDWLRQ�RSSRUWXQLWLHV�DQG�SURÀWV�

2QH�RI�RXU�PHPEHU�ÀUPV�²�D�ZRUOG�OHDGLQJ�LQQRYDWLRQ�FRQVXOWDQF\�
- has developed a unique system for analysing social media 

streams and identifying hotspots of consumer frustration. These 

insights are then used to create product innovations that address 

WKHVH�VSHFLÀF�FRQVXPHU�QHHGV��7KH�V\VWHP�FDQ�HYHQ�PRGHO�
WKH�SUHFLVH�LPSDFW�RI�WKHVH�SURGXFW�LQQRYDWLRQV�²�DFFXUDWHO\�
calculating the increased level of consumer satisfaction and the 

JURZWK�LQ�SURÀW�SHUIRUPDQFH��

And the wider sources of information available on the internet  
FDQ�EH�XVHG�WR�DXJPHQW�RWKHU�FXVWRPHU�LQWHOOLJHQFH���SURYLGLQJ� 
D�PRUH�FRPSOHWH��URXQGHG�DQG�WLPHO\�OHYHO�RI�LQVLJKW�

$QRWKHU�RI�RXU�&OXVWUH�PHPEHU�ÀUPV�SURYLGHV�%�%�VDOHV�
intelligence that mines data from a myriad different sources. 

/HDGLQJ�ÀQDQFLDO�VHUYLFH�FRPSDQLHV�ZHUH�DPRQJ�WKH�ÀUVW�
to appreciate and adopt this service. Better informed sales 

professionals now have intuitive, real-time insights into their 

customers’ business. What’s more, this service integrates 

seamlessly with existing CRM systems - supercharging account 

development and delivering dramatic improvements in sales  

force effectiveness.

Case study:  
Capturing Global Information

:LWK�������ELOOLRQ�RI�DQQXDO�UHYHQXHV��WKLV�FOLHQW�UDQNV�DPRQJ�
the world’s fastest growing and highest performing companies. 

Quite simply, it is one of the most remarkable global success 

stories.  

But with success has a come a whole raft of new challenges…

Following a period of rapid growth and acquisition, the 

inevitable stretch marks began to show. Less than 50% of sales 

opportunities were being recorded in a timely and accurate 

process. This was having a damaging impact on forecasting 

and resource planning across the entire global group. 

7R�ÀQG�WKH�VROXWLRQ�WR�WKLV�JOREDO�LQIRUPDWLRQ�FDSWXULQJ�
SUREOHP��PDQDJHPHQW�WXUQHG�WR�RQH�RI�RXU�LQQRYDWLRQ�ÀUPV��
$ZDUH�WKDW�VDOHV�SURIHVVLRQDOV�DUH�QRWRULRXVO\�UHOXFWDQW�WR�ÀOO�LQ�
IRUPV��RXU�ÀUP�KHOSHG�WKH�FOLHQW�WR�OHYHUDJH�D�FRPELQDWLRQ�RI�
radical technologies that transformed the data harvesting and 

SURÀW�SHUIRUPDQFH�RI�WKLV�)RUWXQH�����FRPSDQ\«

Working in very close collaboration they: 

• Turned reluctant sales teams into avid adopters of  

radical technology 

• Put mobile technology at the heart of this global 

transformation

• Used innovative guided video capture technologies to 

accelerate adoption

• Achieved sales strategy alignment… greatly enhanced 

LQIRUPDWLRQ�ÁRZV«�DQG�VLJQLÀFDQWO\�LPSURYHG�ZLQ�UDWHV� 
and forecasting accuracy.



05 
Unleash the power of fast data

We live in a world of constant and continuous connectivity. 
A world where smartphones have delivered the promise of 
instant communication…

But that promise comes at a price.

The 24/7 pressure to react to data feeds is insistent and  
LQFHVVDQW���7R�FRPSHWH�HIIHFWLYHO\�DQG�WR�LQÁXHQFH�FULWLFDO� 
EX\LQJ�GHFLVLRQV��ZH�VLPSO\�KDYH�WR�UHVSRQG�LQ�UHDO�WLPH��$QG�
LW·V�YHU\�FOHDU�WKDW�VORZ�SURFHVVHG�KLVWRULFDO�GDWD�VLPSO\�FDQQRW�
compete in this arena. This is where the rapidly emerging 
WHFKQRORJ\�RI�IDVW�GDWD�LV�QRZ�ÁH[LQJ�LWV�PXVFOHV�

Case study:  
Video on-demand

$SDFKH�6SDUN�XVHV�LQ�PHPRU\�SURFHVVLQJ�WR�GHOLYHU�DGYDQFHG� 
data analytics in orders of magnitude faster than Hadoop.  
%XW��WR�IXOO\�H[SORLW�WKH�SRZHU�RI�IDVW�GDWD��\RX�KDYH�WR�DUFKLWHFW�
V\VWHPV�LQ�D�QHZ�ZD\��2IWHQ�UHIHUUHG�WR�DV�¶UHDFWLYH·�DUFKLWHFWXUHV��
WKHVH�QHZ�V\VWHP�EXLOGLQJ�PHWKRGV�DUH�¶WXUER�GULYHQ·�E\�PLFUR�
VHUYLFHV��+LJKO\�UHVSRQVLYH��UHVLOLHQW��HODVWLF�DQG�PHVVDJH�GULYHQ�²�
this is the future for fast data.

2QH�RI�RXU�PHPEHU�ÀUPV��WKH�FUHDWRUV�RI�WKH�6FDOD�SURJUDPPLQJ�
language used in Apache Spark) has extensive experience with 
reactive systems and fast data technology. This team specialises  
LQ�LPSOHPHQWLQJ�UHDFWLYH��UHDO�WLPH�VROXWLRQV�WR�%LJ�'DWD�SUREOHPV�
²�DQG��WR�LOOXVWUDWH�WKH�YDOXH�LW�GHOLYHUV��KHUH�LV�D�W\SLFDO�FDVH�VWXG\��

7KLV�&OXVWUH�ÀUP�ZRUNV�FORVHO\�ZLWK�DQ�$PHULFDQ�FDEOH�FRPSDQ\�
that has recently introduced an on-demand video service.  

The introduction of pay-on-demand viewing certainly opened  

XS�PDVVLYH�QHZ�RSSRUWXQLWLHV�IRU�SURÀW��EXW�LW�DOVR�FUHDWHG�
equally massive data headaches… 

The cable company operated a large relational data store 

containing all customer information.  It had worked well  

XQWLO�WKH�DUULYDO�RI�RQ�GHPDQG�²�EXW�WKHQ�HYHU\WKLQJ�LQVWDQWO\�
changed. The cost of having one data store to determine 

what customers could watch at any given moment suddenly 

VSLUDOOHG��7KH�FRPSDQ\�KDG�WR�ÀQG�D�ZD\�RI�VSOLWWLQJ�WKH�
IXQFWLRQDOLW\�²�VR�WKH\�WXUQHG�WR�RXU�LQQRYDWLRQ�VSHFLDOLVWV� 
for an inspired solution…

The priority was to turn the relational store into a write-only 

view and to create a separate readable view that would cover 

all the watchable entitlements for different devices. Admittedly, 

this did involve some essential data duplication but this was 

quickly accommodated.

Synchronisation is critical to large cable companies.  It is 

essential that customers can watch the programmes they 

have paid to see… but it is equally important that non-

subscribers are denied access to programmes they are not 

entitled to view. To solve this complex customer challenge, 

WKH�¶UHDG·�VWRUH�ZDV�FRQÀJXUHG�VR�WKDW�LW�FRXOG�FRQVWDQWO\�
interrogate the ‘write’ store. It instantly recalculates so that  

any omission on the ‘read’ view quickly self-heals to provide  

a seamless service. Now that is very clever.



06 
Turn Big Data into small data

We have become so preoccupied with capturing huge amounts 
of historical data that we have lost sight of one very key fact: 
humans are not programmed to process vast volumes of 
information. We are simply not wired to be Cray computers. 

Case study:  
eBay Europe

eBay Europe commissioned one of our Clustre member  

ÀUPV�WR�WDFNOH�WKH�FKDOOHQJH�RI�OLVWLQJ�RSWLPLVDWLRQ�IRU�WKHLU�
growing community of professional sellers. Essentially, eBay 

needed to cut through the noise that sellers face every day  

DQG�SURYLGH�D�GHÀQLWLYH�WRRO�WR�RSWLPLVH�VDOHV�SHUIRUPDQFH��

Admittedly, there is no shortage of tools available to ‘help’  

eBay sellers. The online shelves are creaking with self-help 

manuals. The snag is, most are full of worthy but largely 

WKHRUHWLFDO�JUDSKV�DQG�FKDUWV��)HZ��LI�DQ\��SURYLGH�GHÀQLWLYH�
HYLGHQFH�EDVHG�UHFRPPHQGDWLRQ�²�SUDFWLFDO�DFWLRQ�SRLQWV�
drawn from precise seller experience.

7KH�&OXVWUH�PHPEHU�ÀUP·V�VROXWLRQ�ZDV�WR�FUHDWH�D�FXVWRPHU�
UHFRPPHQGHU�VFKHPH�VSHFLÀFDOO\�IRU�H%D\�VHOOHUV��$�VRUWHG�
hierarchy of actions that are ranked by effectiveness and 

FRQVWDQWO\�XSGDWHG�WR�UHÁHFW�WKH�VXEWOH�FKDQJHV�LQ�FXVWRPHU�
buying habits/behaviours.

And to put this solution in context, here are just a few of the 

engineering challenges that were resolved: 

• Daily data collection for more than 50 million listings in  

the UK and Germany alone

• The development of a custom Product Taxonomy for listing 

comparisons across multiple sites and data structures

• The merging of all listing and performance data supplied  

by eBay

• The painstaking analysis and comparison of top-selling  

listings in each category

• 7KH�LGHQWLÀFDWLRQ�RI�DOO�GDWD�JDSV��PLVVLQJ�NH\ZRUGV�DQG�
pricing insights.

Consequently, we need to slice-and-dice Big Data to create 
digestible portions of small data. Chunks of focused 
information that will directly impact and improve business 
performance. Let us put this in context with a global example:



Big Data is a massive misnomer. Many people believe  
that meaningful insights can only come from vast quantities  
of connected data. Indeed, many companies cling to the  
belief that, to be better informed, they have to collect ever 
more data.

Nothing could be further from the truth because, in reality, 
less is invariably more. Very often the most valuable 
intelligence is drawn from the sparest of data…

To prove that point, check out this fascinating case study:

Case study:  
Angel Trains

keep track of critical rolling assets…

Railway engines are extremely costly and complex assets.  
And many of those complications stem from the number of 
different stakeholders involved in running our railways…

� F
companies – who bank-roll each locomotive’s purchase…

� They lease the engines to operators who hold the 
franchise to operate particular UK routes.

� For convenience, many operators sub-contract the 
servicing of their leased engines to third party contractors. 
So, effectively, neither the train’s owner nor the operator 
have any direct control over the care and maintenance of 
this costly asset.

� And to complicate matters further, the trains run on  
tracks owned by Network Rail. So the owners do not  

locomotive over any given time.

This paucity of data raises very real concerns. The owners 
know next to nothing about the state of their assets. They 
have no way of knowing if operators are taking good care of 
their costly trains or if they are keeping to their contractual 
terms and conditions. So they have no idea whether their 
depreciation assumptions are wildly optimistic, overly 
pessimistic or bang on the money. 

 

learning techniques can now provide outstanding insights 
with relatively small datasets… and we mean very small!

07 
Leverage the potential of small data



The information on each train engine was virtually 

microscopic. The only real dataset available to owners came 

from the locomotive’s on-board, fuel-tank sensors and GPS. 

fuel levels to a central data store. So, in theory, it was possible 

to track the levels of diesel consumption for each engine over 

a measured timeline.

In addition, Network Rail’s own app reveals when trains 

depart and arrive in stations. 

Our innovation specialists tapped into these twin sources to 

establish train movements. But there was a snag… Angel

Trains do not know which particular locomotive is operating at 

But in the absence of information, machine-learning –  

the science of inference – suddenly came into its own… 

readings were pretty ‘noisy’. The read-out graph of the 

diminishing diesel levels showed big spikes and troughs 

caused by fuel surges as the train corners, accelerates  

and brakes. 

To remove this noisy time series, the team used an L1 

started to look for recognisable patterns. Focusing on small 

datasets, they were able to identify time zones when, for 

example, the fuel level rose vertically it was almost certainly 

on a stationary refueling stop. Other periods show the train  

to be in ‘Hotel Mode’ – stationary but still using fuel to heat 

and light carriages. 

Forensic deductions. The analysis then became even  

more forensic. The team studied the train’s movements  

over a particular time. From this data it was possible to 

deduce stationary periods for the train to be recommissioned 

or refueled… running periods between stops… the frequency 

of stations… the distance between these stations... and even 

the probable route and type of service (local, commuter, 

express etc.). 

Engine usage. With the use of standard machine-learning 

techniques and the support vector machine, a very credible 

and revealing picture of train usage was emerging. Trains 

with less than 10% movement were deemed to be ‘unused’. 

Engines with under 50% movement were considered to be 

‘lightly used’. Locomotives with more than 50% movement 

way, the stats showed exactly when and where there was  

high fuel usage (more than half a litre per minute), medium 

fuel usage and low fuel usage.

Engine matching & intelligence. The team then used  

weighted maximum patching algorithms to discover which 

trains had been paired for different routes (typically trains  

are driven by two engine units, front and rear, with carriages 

in-between). By aggregating the data, the team discovered 

that certain engines are routinely paired. Another valuable  

nugget of operational data. 

Mapping journeys. Finally, it was possible to map engine 

journeys with a high degree of accuracy. By matching the 

once again using the weighted matching algorithm – the 

team tracked one train throughout a hard-working day. 

Leaving Harrogate at 07:34 it travelled to Kings Cross, then  

on to Newark North Gate, before returning to Kings Cross  

That was quite a journey – and it all started with a simple  

fuel reading!

The take-home message is crystal clear:  
You do not need large chunks of data to undertake 
meaningful automated analytics. These fuel time series are 
literally only a few kilobytes per engine but they generated 
insights that would be impossible to re-establish manually. 
Even on very small datasets, machine-learning techniques 
outstrip and outperform anything that humans can deliver.



In almost all cases, it is the “final mile” of the Big Data journey 
that counts. The point when data is distilled into something 
that can be easily understood and acted upon (without 
drowning the recipient in data!). 

7KH�LQWHUUHODWLRQVKLSV��FRUUHODWLRQV�DQG�PDSSLQJV�RI�ODUJH�GDWDVHWV�
DQG�WKHLU�VOLFLQJ�DQG�GLFLQJ�LQWR�PHDQLQJIXO�LQWHOOLJHQFH�FDQ�RIWHQ�
only be understood through visual representations…

Now there are many standard tools available for generating these 
YLVXDOLVDWLRQV�DQG��VRPHWLPHV��WKHVH�DUH�SHUIHFWO\�DGHTXDWH��
+RZHYHU��PDQ\�RUJDQLVDWLRQV�IDLO�WR�JUDVS�WKH�SRZHU�RI�JUDSKLF�
VLPSOLFLW\��,QVWHDG�RI�YLVXDO�FODULW\��WKHLU�UHSRUWV�DQG�SUHVHQWDWLRQV�
are confused and overly complicated. It’s a lost opportunity to 
cut through the clutter and bring key messages to life with simple 
imagery. 

2QFH�DJDLQ��OHVV�GHOLYHUV�PRUH��)RU�JHQXLQHO\�FXVWRPLVHG�LQVLJKWV�
it is often necessary to create bespoke visualisations. Here is one 
example of a complex analytical project where visualisation helped 
to illustrate the key learning points…

7KH�FOLHQW·V�YHU\�VSHFLÀF�JRDO�ZDV�WR�DVVHVV�WKH�SHUIRUPDQFH�RI�
one particular product on a national level…

The product was comprised of a series of elements which had  

a direct impact on the overall quality of service. This was not a 

trivial exercise.

The team’s approach was to break everything down into a pipeline 

RI�VROXWLRQV�²�HDFK�RQH�VROYLQJ�LWV�RZQ�VHW�RI�TXHVWLRQV�ZLWK�D�
custom visualisation. This gave the client a high-level ‘State of the 

:RUOG·�SHUVSHFWLYH�RQ�HDFK�VWHS�LQ�WKH�SLSHOLQH�²�EXW�LW�DOVR�RIIHUHG�
WKH�RSSRUWXQLW\�WR�GULOO�GRZQ�LQWR�DQ\�VSHFLÀF�VHUYLFH�LVVXH«�IRU�
example, in the Content Data Network (CDN) used or their own 

network performance.

08 
8QGHUVWDQG�WKH�LPSRUWDQFH�RI�WKH�ÀQDO�PLOH



c.� �5HÀQH�%LJ�'DWD�LQWR�VPDOO�GDWD��0DNH�%LJ�'DWD�VPDOOHU� 
more focused and much more actionable. And don’t be 
GHWHUUHG�LI�\RX�GRQ·W�WKLQN�\RX�KDYH�HQRXJK�GDWD�WR�VWDUW�ZLWK� 
 
The key to driving business value from Big Data is to distil 
actionable information and insights. Only then can they be 
applied to individual interactions with individual customers. 
$QG�GRQ·W�IRUJHW�WKH�LPSRUWDQFH�RI�WKDW�ÀQDO�PLOH«�WKH�SRZHU�
of simple visualisation.

d.   Use agile development techniques to rapidly prototype and 
GHYHORS�FXVWRPHU�UHOHYDQW�VROXWLRQV�

 
This is a great place for trial and error 
experimentation. To inspire you to  
develop and evolve your own solutions,  
check out our Agile PoV:  
www.clustre.net/pov-agile-2/

09 
Summary

The majority of large organisations are doing something  
with Big Data. Most are diligently constructing ‘data lakes’  
and building pipelines to fill them. But it is questionable 
whether many of them know how to leverage and exploit  
this growing asset. 

2Q�RQH�OHYHO��LW�SUREDEO\�GRHVQ·W�PDWWHU��GDWD�ODNHV�DUH�UHODWLYHO\�
cheap to construct so it seems sensible to store information  
UDWKHU�WKDQ�SURÁLJDWHO\�WKURZ�LW�DZD\��+RZHYHU��RQ�DQRWKHU�OHYHO�� 
we do need to ask some serious questions about the value Big  
Data can deliver.

%LJ�GDWD�LV��SHUKDSV��WKH�XOWLPDWH�H[DPSOH�RI�D�VROXWLRQ�ORRNLQJ�
for a problem. Having put in place processes to capture and store 
WKHVH�PLQG�QXPELQJ�YROXPHV�RI�GDWD��FRPSDQLHV�QRZ�QHHG�WR�
work out what to do with them.

This shouldn’t really come as a surprise and is actually an 
opportunity for some genuinely creative thinking. As with so  
PXFK�LQ�EXVLQHVV��WKH�WULFN�LV�WR�VWDUW�ZLWK�WKH�UHDO�SUREOHPV�DQG�
ask how all this data can be used to do business in a way that is 
different from – and better than – the past. 

So where do you start?

Try these simple, very practical, first steps to address  
this challenge and exploit the opportunity of Big Data: 

a.   Identify opportunities to use Big Data to improve your 
customers’ experience. 
 
Start by identifying real customer problems and points  
of frustration in the customer experience. Look for things  
WKDW�ZLOO�PDNH�D�UHDO�GLIIHUHQFH�UDWKHU�WKDQ�MXVW�¶QLFH�WR� 
KDYHV·�²�WKLQJV�ZLWK�D�UHDO�ZRZ�IDFWRU�WKDW�WXUQ�D� 
customer’s frustration into genuine joy. 
 
Wherever possible organise data and insights around 
individual customers and embrace the concept of mass 
customisation.

b.� ��)RFXV�RQ�¶IDVW�UHDO�WLPH�GDWD·��QRW�MXVW�¶ELJ�KLVWRULFDO�GDWD·� 
– develop real time insight from real time data streams. 
 
,Q�RUGHU�WR�PDNH�D�SRZHUIXO�GLIIHUHQFH��WKH�LPSDFW�RI� 
Big Data/fast data analytics has to be felt by the customer  
DW�WKH�SRLQW�DQG�PRPHQW�RI�LQWHUDFWLRQ��,QFUHDVLQJO\�� 
WKLV�PHDQV�PRELOH���VR�LW�LV�YLWDO�WKDW�\RX�XQGHUVWDQG� 
and leverage the value of real time data streams from  
social media. 
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